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TOM TAT
Phat hién tinh cach ttt van ban bé“mg Tri tué nhan tao (AI) la mot linh vuc lién nganh
quan trong, két noi gitra xt ly ngdn ngir tw nhién, hoc may va tam ly hoc. Muc tiéu
la xac dinh hodc suy luan cac ddc diém tinh cach ctia mot ca nhan dua trén van ban
viét hodc phat ngdn. Bai bao cung cap mot cach tdng quan vé phat hién tinh cach, ti
khai niém co ban, dén ky thuat phat hién tinh cach tir van ban, dong thoi trinh bay
chi tiét kién tric mo hinh duw doan, bao gom tién xt ly dix liéu, trich xudt dac trung
va mo hinh phan loai. Tiép theo bai bdo chi ra nhitng tién bd nghién ctru gan day
trong du doan tinh, tng dung trong nhiéu linh vuc, ciing nhw mét s6 han ché ctia
cac nghién ctru da cong bo. Cudi cung, bai bao dé xuat cdc hudéng nghién ctru tuong
lai d€ cai thién hiéu qua va tinh c6ng bang ctia cac hé thdng phét hién tinh cach.

Tw khoa: Hoc may, Hoc sau, Phat hién dac diém tinh cach, X ly ngdn ngtt tw nhién.

1. MO PAU

Kha nang tu dong phat hién tinh cach cia mot cd nhan tir ndi dung van ban cta
ho da tré nén quan trong dang ké trong nhiing nam gan day do cac ting dung tiém nang
ctia né trén nhiéu linh vic khac nhau [1-5]. Mac du day tiém nang, linh vic nay van con
nhiéu thach thirc, thic day viéc ing dung cac ky thuat Al va xt ly ngon ngt ty nhién
(NLP) hién dai [2, 5, 6].

Nghién ctru trinh bay mot cach hé thong vé phat hién tinh cach tir van ban dua
trén Al tir cac khai niém co ban dén sy tién trién cta cac kién trac tinh toan tir phuong
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phéap ban dau dén mo hinh hoc sdu hién dai. Cau truc cta cac hé thong dy doan tinh
cach, chi tiét cac giai doan quan trong nhu tién xw ly dit liéu, ky thuat trich xuat dac
trung va cac mo hinh phén loai, tir thuat todn hoc may truyén théng dén cac kién truc
hoc sau phtec tap. Bai bao cling chi ra nhiitng tién bd gan day trong phat hién tinh cach
qua van ban ¢ nhiéu tng dung khac nhau, xem xét cac yéu t6 thiic day va han ché€ can
khac phuc. Cudi cting, bai bao tong hop cac thach thikc hién tai va dé xudt huéng nghién
ctru trwong lai nham cai thién do chinh x4c va kha ndng ting dung ctia Al trong viéc hiéu
tinh cach ttt van ban.

C4u trac bai bdo duoc trinh bay trong 4 phan, ngoai phan mé dau, phan 2 trinh
bay cdc mo hinh phén loai tinh cach, cac ky thuat phét hién tinh cach tir van ban va kién
triic cia mo hinh dy dodn tinh cach. Phan 3 trinh bay cac ting dung thuc t€ ctia viéc phat
hién tinh cach va nhiing thach thirc ciing nhu trién vong trong nghién ctru. Phan 4 trinh
bay két luan cling nhu dinh hudng nghién ctu.

2. PHAT HIEN TINH CACH TRONG VAN BAN BANG Al
2.1. Cac mo hinh phan loai tinh cach
2.1.1. Phan loai ddc diém tinh cach

Phén loai dic diém tinh cach bao gdm viéc x4c dinh va phan loai cic dic diém
tinh cach riéng biét cia mot cd nhan dya trén khudn kho tam ly cu thé [5]. Ban than tinh
cach bao gom khuynh hudng nhéan thitc, cam xtic va hanh vi ciia mot ca nhan khi teong
tac vdi thé gioi, hinh thanh nén mot khuon mau doc ddo va dé nhan biét, anh hwong dén
suy nghi va hanh dong ctia ho. Muc tiéu cua viéc nghién cttu du doan tinh cach la hiéu
va du doéan cac kiéu hanh vi va dic diém nay [2, 3].

Phan loai ddc diém tinh cach trong NLP ngay cang quan trong nho su gia tang
d@ liéu van ban tir mang xa hoi va cac nén tang so [7, 8]. Nhiing dit liéu nay phan anh
sau sac hanh vi, cdm xtic va suy nghi c4 nhan, cung cap ngudn thong tin phong phu d&
suy luén tinh cach [1]. Viéc hiéu tinh cach mang lai gia tri hoc thuat va ting dung rong
rai trong ca nhan hoéa ndi dung, tiép thi, tuyén dung, y t& va cac hé thong Al khac [2, 3,
5, 6, 7, 9]. Thay vi st dung bang hoi truyén thong, cac phwong phap NLP hién dai cho
phép trich xuat dac trung ngoén ngh va 4p dung hoc may dé phan loai tinh cach hiéu qua
va md rong trén quy mo 1on.

2.1.2. Cac mo hinh tinh cach 4p dung trong nghién ctru

Cac nha tam ly hoc da phat trién nhiéu mo hinh d€ mo ta va phan loai tinh cach
con nguoi, trong do6 c6 hai moé hinh phd bién nhat duoc ap dung trong nghién cttu trich
xuat tinh cach tr van ban.
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M35 hinh Big Five (OCEAN) goém nam chiéu chinh: Céi mé (Openness), Tan tam
(Conscientiousness), Huéng ngoai (Extraversion), Tinh dé chiu (Agreeableness) va R3i
loan than kinh (Neuroticism). Mbi chiéu dai dién cho nhitng dédc diém hanh vi va cam
xuc riéng biét. Big Five dugc cong nhan 1la mot khung mo hinh toan dién, 6n dinh qua
nhiéu nén van héa va do tudi, va dwoc st dung rong rai trong nghién cttu phat hién tinh
cach ttr van ban [10], [11].

Mo hinh Myers-Briggs Type Indicator (MBTI) phan loai ca nhan thanh 16 kiéu
tinh cach dua trén bon cdp phan doi: Hudng ndi/Hudng ngoai (I/E), Cam gidc/Truee giac
(S/N), Suy nghi/Cam xuc (T/F), va Banh gia/Nhan thic (J/P). MBTI nhdn manh cach ca
nhan xt ly thong tin, ra quyét dinh trong cudc song hang ngay, tir d6 dy doan hanh vi
va dong co [9, 10]. Khong giong Big Five, MBTI chia thanh cac nhom riéng biét thay vi
lién tuc, va theong duoc ting dung trong thuc tién nhu tuyén dung, huan luyén va phat

trién cd nhan.

Ngoai hai m6 hinh trén, con c6 cdc m6 hinh khac nhu Allport, Cattell (16 yéu t5),
Eysenck (B§ ba nhan cach), DISC va B¢ ba den t6i [1], [12]. Viéc lya chon md hinh tuy
thudc vao muc tiéu nghién cttu hodc trng dung.

2.2. Mot s6 ky thuat phat hién tinh cach tir vin ban:

Céc phuong phap tiép can ban dau: Cac phuong phép phat hién tinh cdch ban
dau chu yéu dua vao cac phuong phép ti€p can dua trén tir vung, dac biét 1a st dung
cac ttr vung tam ly nhue LIWC (Linguistic Inquiry and Word Count) [6, 13]. Cac hé thong
nay phan loai cac tir thanh cac nhém c6 y nghia vé mat tam ly va du doan cac dac diém
dua trén tan suat tir [6, 14]. LIWC déng vai tro quan trong trong viéc thiét 1ap mai lién
hé gitta cach sit dung ngdn ngtt va cac dac diém tam ly. Méac du co ban, cac phuong phap
nay da dit nén tang cho cac mé hinh phttc tap hon.

Phwong phap tiép cin hoc may (ML) truyén théng: Giai doan nay tap trung vao
cac dac diém ngon ngt duoc thiét ké thu cong nhuw so luwong tir, cdu trac ca phap va cuc
tinh tinh cam [7, 8]. Cac dac diém nay dwoc st dung vdi cac thuat toan hoc may nhu
SVM, Naive Bayes, KNN, Decision Trees, Random Forests va XGBoost d€ phan loai cac
dac diém tinh cach [7, 14, 15]. Cac nghién cttu da chiing minh ré“mg cac dac diém tha
cong nay c6 mdi twong quan tot véi cac chiéu hudng tinh cach khac nhau [5].

Phuong phép tiép can hoc sau (DL): Su trdi day ctia hoc sau da gidi thiéu cac ky
thuat ma héa vin ban (Word2Vec, GloVe, FastText) c6 thé ndm bit duoc cac biéu dién
nglt nghia phong pht hon [5, 6, 14, 16]. Cac mo6 hinh sau nhu CNN, RNN, LSTM va Bi-
LSTM ty dong trich xuat tinh nang va cai thién hiéu sudt du doan [2, 5, 7, 8, 17]. Cac nha
nghién ctru nhu Majumder va Sun [5] da chitng minh rang viéc két hop céc tinh nang
ngit nghia va phong cach bang cach stt dung cac mé hinh CNN hoéc Bi-LSTM-CNN lai
da tang cuong d¢ chinh xac. Tuy nhién, cac md hinh dua trén RNN ban dau cé nhitng
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han ché, bao gom dao tao chdm va kho xt ly tinh trang mat ngtr canh va cac tir ngoai
von tit vung [5, 18]. Nhitng van dé nay dan dén viéc tim ki€m cac md hinh nhan thic
ngtt canh hon.

M6 hinh ngon ngit dwoc dao tao tredc (PLM - Pre-trained Language Models):
Tién bo gan day duoc thtic ddy boi cac mo hinh ngén nglt duwoc dao tao treée nhu BERT,
RoBERTa, XLNet va ERNIE [5, 8, 18, 19, 20]. Cac md hinh nay cung cdp céc tir nhing
(word embedding) nhay cam véi ngit canh va xtt ly t&t hon cac sac thai da nghia va ngon
ngit. Viéc tinh chinh PLM trén cac tap dit liéu tinh cach da dan dén nhiing cai tién dang
ké vé a0 chinh xac ctia du doan [6, 18].

Giai doan phat trién cic m6 hinh ngén ngit 16n (LLMs - Large Language
Models) nhuw GPT-4, Claude hay LLaMA da mo ra mot ky nguyén méi cho viéc phat
hién tinh cach tit van ban. Véi kha nang xt ly ngon ngtt vueot troi, LLMs cho phép phan
tich sau sic hon vé ngit canh, phong cach va sac thai tam ly — nhitng yéu t8 quan trong
trong nhan dién dac diém tinh cach [21]. Khong gidng nhu cac mo hinh truyén thong
phu thudc manh vao dit liéu gém nhan, LLMs ¢6 thé hoat dong hiéu qua trong thiét lap
zero-shot hodc few-shot learning, nho d6 giam thiéu déang ké nhu cau vé di liéu huan
luyén [13]. Ngoai ra, cdc LLM con c6 kha néng giai thich ly do dang sau cac du doan tinh
cach, gop phan hudng t6i cac hé thong Al ¢d kha nidng giai thich duoc (explainable Al).
Cudi cting, LLMs con ho trg phan tich da nhiém va da phuong thiec, két hop thong tin
ttr van ban, hinh anh va 4m thanh dé dwa ra nhan dinh toan dién hon vé tinh cach con
nguwoi [22-24].

2.3. Kién trac ctia mé hinh du doan tinh cach

Cac m6 hinh dy dodn tinh cach thuong tuan theo quy trinh géom cac budc: thu
thap di liéu van ban do nguoi dung tao [25], x&t ly truwede d€ lam sach va dinh dang d@
liéu, trich xudt dac trung ngoén ng va ngl nghia, sau d6 dua vao mé hinh hoc may dé
dy doan tinh cdch theo md hinh dinh san [1, 2, 5, 15, 17]. Cudi cling, hiéu sudt md hinh
duoc danh gia bang cac chi s§ d& dam bao do chinh xac va hiéu qua. Céch tiép can nay
giup tw dong suy luan ddc diém tinh cach t&r van ban lién quan dén nguoi dung [18].

Dir lidu dau vao
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2.3.1. D@ liéu huén luyén (Dataset)

Hiéu qua cua mo hinh phat hién tinh cach phu thudc 16n vao chat luong b dix
liéu huan luyén. Truede hét, dit liéu can duoc gan nhan tinh cach dang tin cay dwa trén
cac mo hinh chuan nhw Big Five hodac MBTI, véi ngudn nhan dén ttr cac bai kiém tra tam
ly hoc chinh thong [7, 11]. Ngoai ra, van ban trong tap dit liéu can mang tinh biéu dat ca
nhan cao nham phan anh dwoc cam xtc, suy nghi va hanh vi ctia nguoi viét, von la cac
biéu hién ngdn nght cd lién hé chit ché voi ddc diém tinh cach [1, 19].

Bén canh d¢, tap dit liéu can dam bao su da dang vé ndi dung, béi canh ngdn
ngtr va ddc diém nhan khiu hoc d€ tang tinh khai quat hoa [3, 16, 25]. Kich thudc di liéu
cting la yéu t& quan trong: cdc mo hinh hoc sau va md hinh ngdén ng 16n thuong doi
héi tap dit liéu quy mo 16n hodc can st dung ky thuat Few-shot/Zero-shot (Few-shot
learning va Zero-shot learning la hai ky thuat hoc mdy gitip mo hinh thiyrc hién nhiém
vu ma khong can hodc chi can rat it dit liéu hudn luyén cé gén nhan) [1, 5].

2.3.2. Tién xtt ly dit liéu (Preprocessing)

Tién xtt Iy dit liéu 1a bude quan trong nham chuén bi van ban dau vao cho qué
trinh trich xudt dac trung va hudn luyén mo hinh phat hién tinh cach. Cac thao tac phd
bién bao gom loai bo stop words (cac tir phd bién nhu “the”, “is”, “a” khong mang nhiéu
y nghia phan biét), loai bo duong dan URL, ky hiéu dac biét, chir s, hashtags (#) va
mentions (@ — chi dé cap nguoi dung trong mang xa hoi), chuan hoa ky tw va chuyén
toan bd van ban vé chit thuong dé€ thong nhat dinh dang [15, 17].

Vién ban ciing duoc tach thanh cac token (don vi tir hodc cum tir nhé nhat) thong
qua budc tokenization, sau d6 ap dung lemmatization (dwa tir vé dang gdc co nghia)
hogc stemming (cat gon tlr vé gic) nham giam s3 liong bién thé tir vung khdng can thiét.
Céc thanh phan nhu ddu cau, khoang tring du thita, biéu tweong cam xtic va emoji (hinh
biéu cam) c6 thé dugc loai bo hodc xtr ly riéng tuy theo muc tiéu phan tich [2]. Muc tiéu
chung la lam sach va chudn hoa dit liéu van ban, dam bao chi gitt lai nhitng yéu td ngon
nglt mang gia tri nhan dién cho mo6 hinh phat hién tinh cach.

2.3.3. Trich xuét dac trung (Feature Extraction)

Trich xuat déc trung la budc chuyén van ban da tién xi ly thanh dinh dang phu
hop v6i mo6 hinh hoc mdy hodc hoc sau. Cac ky thuét truyén thong nhu Bag of Words
(BoW) va TF-IDF gitip biéu dién van ban dua trén tan sudt va mic d6 quan trong ctia
ttr, ddc biét hitu ich trong dw doan tinh cach nhw su than thién. Ngoai ra, POS tagging,
N-grams, phan tich cam xac, cac ddc trung tam ly-ngon ngtr (nhw chiéu dai tt, ty 18 t
loai) va ddc trung phong cach viét (nhw dd dai cau, d6 phong phu tir vung) cling dong
vai tro quan trong. Bang cht y, cong cu LIWC phan loai ttt theo cdc danh muc tam ly
hoc d€ hd tro lién hé véi dic diém tinh cach [12, 14, 17].
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V6i cac mo hinh hoc sau, van ban duoc biéu dién thong qua word embeddings -
tttc cac vector lién tuc giau thong tin ngtr nghia. Cac phuwong phap nhue Word2Vec [17],
GloVe [5], va FastText [17] duoc dung d€ anh xa tir ngir vao khong gian vector. Ngoai
ra, biéu dién cau day du thong qua sentence embeddings hodc cac vector ngir canh tir
cac PLM nhu BERT, RoBERTa, XLNet, ELECTRA hay ERNIE gitip md hinh hiéu duoc
ngtr nghia siu, cac mo6i quan hé phan cap va phu thudc ngir canh dai han [5, 17].

2.3.4. M0 hinh phan loai/du doan (Classification/Prediction Models)

Cac mo6 hinh phan loai/dy doan dwoc st dung nham anh xa cac dic trung trich
xuat tir van ban sang cac dic diém tinh cach dya trén cadc md hinh nhw Big Five hodac MBTI.
Céc thuat toan hoc may truyén thong nhu Naive Bayes, SVM, Logistic Regression va
Random Forest da duoc st dung rong rai trong phan loai tinh cach tit van ban [1, 15, 18].
Nhitng md hinh nay doi hoi dic trung dwoc trich xuét thu cong va dix liéu duoc gén nhan
day du. Tuy nhién, kha nang hoc ngit nghia sau ctia cdc md hinh ML van con han ché.

Bén canh do, thuat toan hoc sau ngay cang duwoc ting dung rong rai nho kha nang
hoc ddc trung te dong tir dit liéu 16n. Cac mo hinh hoc sau nhw RNN, LSTM, Bi-LSTM
va CNN da chttng minh hiéu qua vuot trdi trong phat hién tinh cach nho kha nang hoc
dic trung tu dong va xtt ly chudi ngdn ngir. LSTM gitip nam bat cac phu thudc dai han
trong van ban, con CNN khai thac cdc mau ngit phap cuc bo [6, 17, 28]. Cac mo hinh lai
nhu CNN-LSTM thuwong cho két qua tot hon so véi tiing mo hinh riéng 1é [9, 17]. Ngoai
ra, cdc mo hinh dwa trén transformer nhuw BERT, RoBERTa va XLNet dang dan dau trong
nhiéu nghién ctru hién nay [2, 5, 17].

Dac biét, sy xudt hién cua cdc md hinh ngén ngtt 16n nhu GPT, PaLM va Claude
da mo ra mot hudng méi trong phat hién tinh cach nho kha nang hiéu sau ngtt canh va
thiee hién t8t véi rat it hodc khong can dit liéu gén nhan (zero-shot, few-shot) [5, 29].
Ngoai phan loai, cic m6 hinh nay con giai thich dwgc ly do du dodn, gitp tang tinh minh
bach. LLMs cling hd tro tich hop dit liéu da phwong thitc nhu van ban, hinh anh, am
thanh d€ cung cap phan tich tinh cach toan dién hon [13, 22].

2.3.5. D doan cac dic diém tinh cach

Budc cudi cung lién quan dén viéc sit dung mo hinh da duoc dao tao d€ du doan
cac ddc diém tinh cach trén dix liéu van ban mai. Diéu nay doi hoi phai dua van ban da
dugc xt ly trude va dugc thiét ké theo dac diém vao mo hinh phéan loai hodc du doan,
sau d6 dua ra dw doan dya trén cac mau ma né da hoc duoc trong qua trinh dao tao.
Dau ra cia mo hinh ¢6 thé ¢ dang diém xac suat cho tung dédc diém tinh cach hodc danh
muc. Sau d6, nguong quyét dinh cé thé duoc ap dung cho cac xac sudt nay dé€ gan nhan
tinh cach xac dinh. Cudi cung, cac dédc diém tinh cach du doan sau dé duoc danh gia so
voi cac danh gia tinh cach thuee t& bang cach st dung cac s8 liéu danh gia hiéu sudt mo
hinh.
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2.3.6. Danh gia hiéu suat md hinh (Evaluation Metrics)

banh gia mo hinh dy doan tinh cach can két hop nhiéu chi s nhuw Accuracy,
Precision, Recall, F1-score, Exact Match Ratio, Hamming Loss va Zero-One Loss d€ phan
anh hiéu qua trén cac nhiém vu da dang. Cac chi s6 nay giap hiéu rd diém manh, han ché
ctia md hinh va hd tro cai thién qua phan tich nhut ma trdn nham 14n (Confusion Matrix).

3. UNG DUNG DU POAN TiNH CACH VA HUONG NGHIEN CUU
3.1. Ung dung du doan tinh cich
Nhitng nghién cttu gan day trong du doan tinh cach dang dugc ing dung trén

mot sO linh vuec:

* Hé thong dé xuat: Nhan dang tinh cach duoc st dung dé€ phat trién cac khuyén
nghi dugc cd nhan héa hon [5, 19].

e Tuyén dung: Cac dédc diém tinh cach duwoc st dung trong tuyén dung dién tir va
lwa chon ting vién d€ cai thién sw phu hgp véi cong viéc [3, 5, 9].

e Gido duc: Phat hién tinh cach c6 thé gop phan phat trién cac trai nghiém hoc tap
dwoc ca nhan hoéa [5].

* Phan tich phuong tién truyén thong xa hdi: Tinh cach suy ra tit van ban phuwong tién
truyén thong xa hoi gitip hiéu hanh vi, so thich va anh huong ctia nguoi dung [1, 7, 18).

e Cham séc stic khoe: Dy doan tinh cach ¢6 tiém nang du doan rui ro strc khoe tam
than va diéu chinh cac bién phap can thiép [9, 19].

e Anninh mang: Cac dac diém tinh cach c6 thé dugc st dung dé€ du doan kha nang
bi tdn cong k¥ thuat xa hoi [19].

e Tuong tac gitta nguoi va mdy tinh: Tinh cach cuia nguoi dung c6 thé cung cap
thong tin cho viéc thiét ké cac giao dién va chatbot ca nhan hoa va thich tng hon [4, 8].

e Du bdo: Cac dic diém tinh cach c6 thé duoc dua vao cac mo6 hinh du bao cho cac
chinh sach cua t6 chic va qua trinh ra quyét dinh ctia nguoi tiéu dung, véi cac ting dung
trong tai chinh va y t& [8].

e Chatbot dugc ca nhan hda va cac tdc nhan dam thoai: C6 thé phat trién Chatbot
v0i cdc tinh cach phtt hop véi so thich cia nguoi dung [4].
3.2. Thach thitc va hwéng nghién ctru

MOt s6 théch thite chinh van con ton tai trong linh vic phat hién tinh cach tir van

ban. Trudc hét, viéc thu thap dit liéu c6 nhan chat luong cao 1a rao can 16n, déc biét trong
bdi canh dit liéu ngdn nglt trén mang xa hoi cé tinh da ngdn ng cao va thiéu tinh chuan
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hoa. Viéc khai thac thong tin tinh cach ttr n¢i dung da phuwong tién (hinh anh, video, am
thanh) cling chwa dat hiéu qua nhw mong doi [6, 18].

Ngoai ra, ngdn ngit triee tuyén thuwong mang tinh cam xdc, chiva tiéng long va c6
nhiéu biéu dat phi cau truc, gay kho khan trong viéc suy luan chinh xac ddc diém tinh
cach. Thém vao do, tinh da dang van hda va ngon ngtr doi hoi mo hinh phai c6 kha nang
xt ly xuyén ngdn ngtt va thich ting véi cac bdi canh khac nhau d€ dam bao kha néng
tng dung toan cau.

Truedc nhitng thach thitc néu trén, cdc hudng nghién ctru hién nay tap trung vao
viéc phat trién cac mo hinh manh va c6 kha nang khéi quat tdt hon trén nhiéu mién dir
liéu, thong qua viéc tich hop dirliéu da phwong thitc va ap dung cac ky thuat hoc chuyén
giao. Mot hudng day hita hen khac la ting dung mo6 hinh ngdn ngtt 1én nhu ChatGPT
trong phat hién tinh cach, nho kha nang hiéu ngén ngtt sdu va linh hoat [4, 5, 22].

Ngoai ra, viéc xay dung cdc m6 hinh c6 kha ning dién giai cao gitup xac dinh rd
moi lién hé gitra dac trung ngdn ngt va tinh cach, tir d6 nang cao do tin cay va tinh minh
bach khi ap dung trong thuec tién [19]. Cudi cting, két hop phét hién tinh cach véi phan
tich cadm xtc duoc ky vong sé cung cap cai nhin toan dién hon vé hanh vi con nguoi, gop
phén nang cao chat luong phan tich van ban trong cac hé thong thong minh [4].

4. KET LUAN

Nghién ctru cho thay su phat trién ttr cac mo hinh hoc may truyén thong dén cac
kién tric hoc sau nhu CNN, RNN, va cac mo hinh transformer nhu BERT, dong thoi ghi
nhan vai tro ngay cang ndi bat ctia cac mo hinh ngdén ngt 16n nhu GPT va Claude trong
viéc nang cao hiéu qua phat hién tinh cach. Bén canh cac tién bo ky thuat, nghién ctu
cting chi ra nhiéu thach thic con ton tai nhw han ché vé dix liéu huédn luyén, su phtic tap
ngdn ngit va van hoa, cling nhu yéu cau vé kha ning dién giai va tinh cong bang ctia md
hinh. Cac huéng nghién cttu tuwong lai duoc dé xudt bao gom: tich hop dit liéu da
phuong thirc, phat trién cac mo hinh giai thich dwgc, va moé rong kha nang khai quat
hoa qua hoc chuyén giao va hoc ban giam sat.
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ABSTRACT

Personality detection from text using Artificial Intelligence (AI) is a vital
interdisciplinary field that integrates natural language processing, machine
learning, and psychology. It aims to identify or infer an individual’s personality
traits based on their written or spoken language. This paper offers a comprehensive
overview of personality detection, encompassing foundational concepts and
detection techniques, and presents a detailed description of the prediction model
architecture, including data preprocessing, feature extraction, and classification
models. The paper then highlights recent advancements in personality prediction
and its applications across various domains and outlines several limitations in
existing studies. Finally, it proposes future research directions to improve the

effectiveness and fairness of personality detection systems.

Keywords: Deep Learning, Natural Language Processing, Machine Learning,

Personality Trait Detection.
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